Ecological Environment and Protection

A2 IR SR~
8L eH | HORA 1.0€2025 4
WERM . | FIS (ISSND: 2630-4740 / (FFETIS): 715GLO12

HTF CASA BRI E: NPP REATRIFR

IRF K HA
W B A SITREAF AR IR
DOI:10.12238/eep.v8il.2446

38 ] ABFRATCASARA Fa 22 [0 & Ay o5 i 42 ik T — #0463 2 14 598 F 30K NPPII 5 4E A
W7k, FRER AN (1)RRANPPH) 2 R LA F 69 = B 59 F AHMODIS 500K NPP#VE &£ B A
0 R IR 5 (2)FRIEINPP ) 25 RAF 3T A SR A 20T R R A A R 56200 ; Q)RR
b 4 5 ik B AR 3 6 ST AT, SR B A NPP Y 45 B T AAR AL IR A 92 3 5 MINPP#Y R 3%V ANPP “AE” 1% 4,
BEATHR B RAR G 09 BB SRAFAE T VR A D A AR 3R AP ALES 5 ST AR AL ENPPAE S F 09ds B A2 AL A1, K
FRERTHERZABILIEN , BBIRAR ., AR T a6 SR TR HE 3,

[ HAEMB AT T, CASABEA; DAAEAR; MEFT; WHBRE

hES S TP181 TEkARIRAD: A
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[Abstract] Based on CASA model and spatial superposition analysis method, this study proposes a method to
estimate NPP training samples with high spatial resolution (30 m). The results show that: (1) the extracted NPP
results have high spatial resolution and higher spatial heterogeneity compared with MODIS 500 meter NPP data
set; (2) the extracted NPP results are more sensitive to terrain and reasonable in complex terrain areas; (3) the
method proposed in this study has high feasibility. The extracted NPP results can supplement the area without
field monitoring NPP as NPP "true value", and the cooperative training features after sample site sampling can
be used as training samples to improve the accuracy and generalization ability of machine learning model in NPP
estimation. The results of this study can provide important data support for ecosystem carbon sink monitoring,
carbon cycle research, and impact assessment of climate change.
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